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"Deploying to production means youre halfway there.”

- Andrew Ng
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https://www.flickr.com/photos/striatic/2144933705
https://creativecommons.org/licenses/by/3.0/
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Semi-Supervised Learning (SSL)
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2.2.1 Data Augmentation
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CHEZA QI Text data augmentation &5
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Easy Data Augmentation (EDA) Back-translation
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2.2.2 In-domain Unsupervised Learning
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2.2.2 In-domain Unsupervised Learning
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Consistency Reqgularization
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Contrastive Learning

0%l H|0|E1Q| positive sampleZ} negative sample & St Metric learning 7|8t st HitH
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Different hidden dropout mask
in two forward passes
( Two dogs are running. }'r \"
\
)
A man surfing on the sea. | E (22" ! Negative
H Anchor ®
A kid is on a skateboard. q—“’i ';‘J .<* dﬁve
************************** Anchor

nnnnnnnnnnnnnnnnnnnnnnnnnnnnnnnnnnnn

. — Positive instance

. —~ Negative instance '

llllllllllllllllllllllllllllllllllll

Positive Positive

FaceNet: A Unified Embedding for Face Recognition and Clustering (Florian Schroff et al, 2015)
SimCSE: Simple Contrastive Learning of Sentence Embedding (Tianyu Gao et al, 2021)
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Unlabeled data bank

Classifier-based selection Retrieval-based selection

’

Self-training Improves Pre-training for Natural Language Understanding (Jingfei Du et al, 2020)
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- Consistency regularization
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HyperCLOVATE 7HX| 21 Qi Q10f X|AlS O 0| 8% & Q87}?
- HyperCLOVAZSQ| X|Al= F=&6}X} - Knowledge Distillation

2

Teacher Model

Student Model

Knowledge Transfer

L A SN SR SRR S W —
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Knowledge Distillation: A Survey (Jianping Gou et al, 2021)
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Translate English to French: task description
sea otter => loutre de mer examples

peppermint => menthe poivrée

N4
HyperCLOVA

A

a75<
=

plush girafe => girafe peluche

cheese => prompt

Language Models are Few-Shot Learners (Tom B. Brown et al, 2020)
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Calibrate Before Use: Improving Few-Shot Performance of Language Models (Tony Z. Zhao et al, 2020)
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Temporal ensembling for semi-supervised learning (Laine, Samuli, and Timo Aila, 2016)
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